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3.1 [arXiv2024 Effective Bug Detection in Graph Database Engines: An
LLM-based Approach]
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Figure 3: Database Diagnosis in D-Bot.
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Table 4: Performance on different anomalies.
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Diagnosis Single Cause Anomaly | Multi-Cause Anomaly
Method Acc HEval Acc HEval
HumanDBA 0.955 0.720 0.487 0.806
D-Bot (GPT-4) | 0.754 | 0.500 0655 | 0.669
D-Bot (GPT-3.5) | 0.542 0.370 0.533 0.493
DNN 0.352 N/A 0.036 N/A
DecisionTree 0.331 N/A 0.086 N/A
GPT-4 0.351 0.39 0.105 0.151
GPT-3.5 0.266 0.2 0.144 0.130
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User Question Q- SELECT course FROM student

Which course has the highest score for WHERE ___ sELECT e

the student named timmothy ward? SQL Sketch ORDERBY__ LIMIT QL Query course Student

: = = " . WHERE given_name = ‘timmy"

Generation Completion and Correction i P

Database schema D, (SLM) SELECT course FROM student, course (LLM) 5t name = ‘wa

course: id, course, teacher WHERE _ LIMIT _ ORDER BY score LIMIT 1

student: id, given_name, last_name ... | | s

A Sorted SQL sketch candidate set Dy Final SQL query
Figure 4: ZERONL2SQL Overview. Given a user question Q and a database schema D, ., (1) an SQL Sketch Generation Module
generates a list of SQL sketch candidates, and (2) an SQL Query Completion Module completes the SQL query.
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